
Numerical investigation of seismic source location using 

distributed acoustic sensing for rockfall monitoring 

Y Duan  CSIRO Mineral Resources, Australia 

X Luo  CSIRO Mineral Resources, Australia 

M van de Werken  CSIRO Mineral Resources, Australia 

P Dean  CSIRO Mineral Resources, Australia 

M Elmouttie  CSIRO Mineral Resources, Australia 

 

Abstract 

Accurate detection of rockfall trajectories in open pit mines is crucial for assessing the standoff designs and 

improving operational safety. In this research, we propose to apply seismic monitoring based on distributed 

acoustic sensing (DAS) to locate the impact points of rockfalls on the slope to determine the rockfall 

trajectories. A numerical simulation is conducted to investigate the accuracy of the location of rockfall impact 

points. Synthetic DAS signals are created to simulate the rockfall-induced impacts and arrival times of the 

signals are picked for impact point location. The results demonstrate that by enabling dense sensing points 

along fibre optic cables, DAS can achieve more accurate locations of rockfall impact points compared with 

those obtained with traditional geophone networks. The improvement in depicting the rockfall trajectories 

using DAS with fibre optic cable will be further validated in an upcoming field experiment. 
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1 Introduction 

As rockfalls can induce impacts on the slope and ground which will generate a seismic signal, seismic 

monitoring systems can be used to detect rockfalls and locate the impact points to determine the trajectories 

of rockfalls (Deparis et al. 2008; Vilajosana et al. 2008). Guinau et al. (2019) adopted remote sensing 

technologies including LiDAR, photogrammetry and broadband seismometers to monitor rockfalls in 

Tarragona, Spain. They further characterised the trajectories and seismic energy of rockfalls with two 

temporary seismic stations installed close to the slope. However, traditional seismic monitoring networks 

consist of sparsely deployed geophones. The impact points of rockfalls may not be accurately located, 

especially when the monitoring scale is large. Feng et al. (2021) developed a framework to use microseismic 

monitoring to forecast slope failures at a limestone quarry in Italy. The location of impact points was carried 

out to determine the rockfall trajectories. The location errors of the impact points vary from 10 to 48 m. 

Additionally, as some events were only detected by less than three geophones, they cannot be accurately 

located and were only categorised as point or local events. 

In this research, distributed acoustic sensing (DAS) with fibre optic cable is proposed as a component of a 

sensor fusion system for rockfall monitoring (Elmouttie et al. 2021). The advantage of this technology is that 

dense sensing points can be configured along a fibre optic cable for more sensitive and accurate detection of 

rockfalls in mines. This is the first time that DAS has been introduced for this application. A numerical 

simulation is conducted in this paper to investigate how the location accuracy of impact points can be 

improved using DAS compared with geophones. 
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2 Methods 

2.1 Distributed acoustic sensing 

Distributed acoustic sensing is an emerging technology which has been widely studied and applied in 

geophysics exploration, geotechnical engineering and civil engineering due to its large-scale monitoring 

range, continuous measurement and dense spatial resolution (Li et al. 2021). The principle of DAS is based 

on the phenomenon known as Rayleigh backscattering of light pulses injected into a fibre optic cable (Dakin 

1989). As the vibrations induce strains in fibre optic cables, the intensity and phase of the backscattered light 

change (Figure 1a). By measuring the variations of the intensity and phases between two points separated 

by a distance called gauge length (Figure 1b), the strain rate changes in time and space domains can be 

obtained along the fibre cable (Posey et al. 2000). The intelligent distributed acoustic sensing (iDAS) system 

manufactured by Silixa is used for this project. The gauge length of the iDAS is 10 m and the channel spacing 

can be configured to 1 m. These parameters are incorporated in the numerical simulation. 

 

(a) 

 

(b) 

Figure 1 Illustration on the (a) principle of the DAS system (Shatalin et al. 2021); (b) gauge length and 

spatial resolution of DAS channels 

2.2 Simulation of DAS response 

2.2.1 Modelling configuration 

A 2D homogeneous velocity model representing a slope with a dimension of 200 × 200 m is used for the 

numerical simulation. The P-wave velocity of this model is 3 km/s. There are 400 seismic sources with a 

spacing of 5 m assumed in this model. A fibre cable is deployed around the slope and receivers with 1 m 

spacing are configured along the fibre optic cable. The seismic waveforms recorded by receivers are 

simulated using the finite-difference method (Boore 1972) and a Ricker wavelet as the source time function. 

The axial strain rate measured by the DAS is then derived from the differential particle velocity following the 
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tangential direction of the fibre cable (Bakku 2015; Baird et al. 2020). The strain rates of the channels in each 

gauge length are averaged as the measurements obtained at the centre point of the gauge length (Dean et 

al. 2017). As a result, the total number of DAS channels is 80 and the channel spacing is 10 m. No effect of 

cable transferring function and coupling are considered in this simulation. The cable is assumed to be 

well-coupled to the slope. A total of four geophones are used as the benchmark for the location accuracy 

comparison. The locations of seismic sources, DAS channels and geophones in the model are shown in 

Figure 2. 

 

(a) 

 

(b) 

Figure 2 (a) Layout of a fibre optic cable and locations of geophones deployed on a slope; (b) Locations 

of synthetic seismic sources, DAS channels along the fibre optic cable and geophones on the 

slope projected as a 2D plane 
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2.2.2 Synthetic seismic and DAS waveforms 

A representative seismic wavefield propagating from a seismic source is illustrated in Figure 3a. 

The simulated seismograms and DAS signals at the DAS channels are shown in Figures 3b and 3c, respectively, 

to demonstrate the differences between the seismic and DAS recordings. It can be found that the section of 

fibre cable which is perpendicular to the propagation direction of the seismic wave is insensitive to the 

disturbance. These channels are called broadside channels (Verdon et al. 2020). The signal-to-noise ratio 

(SNR) of seismic signal is greater than that of strain rate measurements. To simulate the real scenario, 

random noise following a normal distribution is generated to perturb the DAS signal. The noise is determined 

by a SNR of 5 dB with respect to the DAS channel which has the maximum amplitude signal. Different seeds 

are used to generate the random noise using the same SNR and reference signal for all DAS channels. 

An example of distribution of the noise and the perturbed DAS signals are shown in Figure 4. The seismic 

waveforms of four geophones are also obtained and perturbed following the same procedure. 

 

(a) (b) (c) 

Figure 3 (a) Seismic wavefield propagation from a source to DAS channels; (b) Simulated seismic signals; 

(c) DAS signals 

 

(a) (b) 

Figure 4 (a) Distribution of noise superimposed on a DAS channel; (b) The raw and perturbed DAS signals 
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3 Numerical modelling results 

3.1 Arrival times 

Arrival times of seismic waves are commonly used for source location in microseismic monitoring and the 

layout of the seismic network is crucial for achieving a stable solution (Pavlis 1986). The method can be 

expressed as minimising the residuals between the observed arrival times and theoretical travel times (Duan 

et al. 2021): 

 � = ∑ ����
�	 − ��	������
 − ���

��� − ���������
�
��

���  (1) 

where n denotes the number of sensors used for the source location, ��
�	� and ��

��� represent the observed 

arrival time and calculated travel time from the source to sensor i, respectively. m indicates the norm which 

is generally 1 or 2 corresponding to the L1 or L2 norm solution. ��	������ and ��������� are the average of observed 

arrival times and calculated travel times, respectively. 

A 1 D convolutional neural network (CNN) is developed to pick the arrival times of the synthetic DAS and 

seismic signals (Duan et al. 2023) for source location. As the broadside channels cannot clearly register 

seismic waves, the signals of these channels are considered as noisy channels and no arrivals are labelled on 

these channels for training the CNN model. The test results show that the CNN model can achieve an average 

error which is less than 4 ms in arrival time picking on DAS signals. The CNN model is applied to pick arrival 

times of the synthetic DAS and seismic data for source location (Figure 5). 

 

Figure 5 Comparison between the theoretical arrivals and observed arrivals picked by the CNN model 

3.2 Location accuracy 

The grid search method (Sambridge & Kennett 1986) with a spacing of 2.5 m is used to locate the seismic 

sources shown in Figure 2. To assess the location accuracy, as described in Section 2.2.2, the synthetic DAS 

and seismic data are perturbed with 1,000 noise signals generated using different random seeds. After the 

synthetic signals are perturbed, the CNN model is applied to pick the arrival times of the perturbed signals. 

The picked arrival times are then used for the source location. The average and standard deviation of location 

errors obtained by DAS and geophones are shown in Figure 6. The results show that for the impact points 

located in the centre of the model with an approximate dimension of 40 × 40 m, DAS and geophones can 

achieve comparable location accuracy within 1 m. As the impact events migrate outside of this area, the 

effect of errors in arrival time picking on source location cannot be effectively avoided by geophones, hence 

the location accuracy decreases. Compared with the geophones, because more DAS channels are used, it can 
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provide better constraints for source location and reduce the location uncertainties of impact points assumed 

in this 2D model. Therefore, it is more likely for DAS to determine the rockfall trajectories. 

 

Figure 6 Mapping of the average and standard deviation of location errors obtained by DAS and 

geophones 

4 Conclusion 

For small-scale monitoring, geophones can effectively record and locate the impact points of rockfalls. 

However, for larger-scale monitoring with sparsely installed geophones, weak seismic events might only 

trigger nearby geophones and they cannot be accurately identified or located (Feng et al. 2021). The dense 

and continuous sensing features of DAS are in favour for such applications. As more sensing points can be 

employed along kilometres of fibre cable, DAS provides the potential to identify and locate moderate and 

weak seismic events (e.g. rockfalls) with better sensitivity and accuracy. The numerical modelling results in 

this paper show that a DAS network deployed around the slope boundary can achieve better location 

accuracy compared with four geophones installed at the four corners of the slope. More geophones can be 

added to the geophone monitoring network to improve the location accuracy. However, it will also increase 

cost, whereas fibre optic cable is a more cost-effective solution, especially when the monitoring needs to 

cover a much larger area. 

Because of the nature of the DAS, broadside channels can pose challenges for arrival time picking. But as the 

DAS can provide an array of sensing points, the broadside channels can in turn be used to identify the source 

locations (Verdon et al. 2020; Luo & Duan 2021). One potential issue with this application is the deployment 

of the fibre optic cable around the slope. Unlike other DAS applications in which fibre optic cables can be 
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installed in shallow trenches and boreholes (Zeng et al. 2021; du Toit et al. 2022; Rossi et al. 2022), great 

effort is required to couple the fibre optic cable along the slope to achieve satisfactory sensitivity for rockfall 

detection. The coupling practice also needs to be safe. If no access to the slope is allowed, the fibre optic 

cable can only be laid along the slope or buried close to the toe of the slope. Nevertheless, in addition to 

rockfall monitoring, considering fibre optic cable can be used for distributed acoustic and strain sensing to 

assess the rock fractures and slow deformation associated with the slope instability, it is beneficial to 

investigate the feasibility of using DAS for slope monitoring. 

Acknowledgement 

The authors would acknowledge the financial support of the Australia Coal Association Research Program on 

this research (Project NO. C29005). Support from CSIRO is gratefully acknowledged. Dr Jane Hodgkinson and 

Binzhong Zhou are thanked for their valuable comments and suggestions. We thank Silixa, especially Anna 

Stork, for providing technical support on the iDAS system. 

References 

Baird, AF, Stork, AL, Horne, SA, Naldrett, G, Kendall, JM, Wookey, J, Verdon, JP & Clarke, A 2020, ‘Characteristics of microseismic data 

recorded by distributed acoustic sensing systems in anisotropic media’, Geophysics, vol. 85, pp. KS139–KS147. 

Bakku, SK 2015, Fracture Characterization from Seismic Measurements in a Borehole, PhD thesis, Massachusetts Institute of 

Technology, Cambridge. 

Boore, DM 1972, ‘Finite difference methods for seismic wave propagation in heterogeneous materials’, Methods in Computational 

Physics: Advances in Research and Applications, vol. 11, pp. 1–37, https://doi.org/10.1016/B978-0-12-460811-5.50006-4 

Dakin, JP 1989, ‘Distributed optical fiber sensor systems’, Optical Fiber Sensors: Systems and Applications. 

Dean, T, Cuny, T & Hartog, AH 2017, ‘The effect of gauge length on axially incident P-waves measured using fibre optic distributed 

vibration sensing’, Geophysical Prospecting, vol. 65, pp. 184–193. 

Deparis, J, Jongmans, D, Cotton, F, Baillet, L, Thouvenot, F & Hantz, D 2008, ‘Analysis of rock-fall and rock-fall avalanche seismograms 

in the French Alps’, Bulletin of the Seismological Society of America, vol. 98, pp. 1781–1796. 

du Toit, HJ, Goldswain, G. & Olivier, G 2022, ‘Can DAS be used to monitor mining induced seismicity?’, International Journal of Rock 

Mechanics and Mining Sciences, vol. 155, p. 105127, https://doi.org/10.1016/j.ijrmms.2022.105127 

Duan, Y, Luo, X, Si, G & Canbulat, I 2021, ‘Seismic source location using the shortest path method based on boundary discretisation 

scheme for microseismic monitoring in underground mines’, International Journal of Rock Mechanics and Mining Sciences, 

vol. 149, 104982. 

Duan, Y, Luo, X & Van de Werken, M 2023, ‘Convolutional neural network for arrival time picking in microseismic monitoring’, paper 

presented at 26th World Mining Congress, Brisbane. 

Elmouttie, M, Luo, X, Dean, P, Duan, Y & Malos, J 2021, ‘Slope monitoring using sensor fusion’, in SSIM 2021: Second International 

Slope Stability in Mining. Australian Centre for Geomechanics, Perth, pp. 199–210. 

Feng, L, Intrieri, E, Pazzi, V, Gigli, G & Tucci, G 2021, ‘A framework for temporal and spatial rockfall early warning using micro-seismic 

monitoring’, Landslides, vol. 18, pp. 1059–1070.  

Guinau, M, Tapia, M, Pérez-Guillén, C, Suriñach, E, Roig, P, Khazaradze, G, Torné, M, Royán, MJ & Echeverria, A 2019, ‘Remote sensing 

and seismic data integration for the characterization of a rock slide and an artificially triggered rock fall’, Engineering Geology, 

vol. 257, pp. 105113. 

Li, Y, Karrenbach, M & Ajo-Franklin, J (eds) 2021, Distributed Acoustic Sensing in Geophysics: Methods and Applications, Wiley, 

Hoboken. 

Luo, X & Duan, Y 2021, ‘Microseismic monitoring of longwall caving process using distributed optic fiber sensing’, paper presented at 

the 55th U.S. Rock Mechanics/Geomechanics Symposium. 

Pavlis, G 1986, ‘Appraising earthquake hypocenter location errors: a complete, practical approach for single-event locations’, Bulletin 

of the Seismological Society of America, vol. 76, pp. 1699–1717. 

Posey, R, Johnson, GA & Vohra, ST 2000, ‘Strain sensing based on coherent Rayleigh scattering in an optical fibre’, Electronics Letters, 

vol. 36, pp. 1688. 

Rossi, M, Wisén, R, Vignoli, G & Coni, M 2022, ‘Assessment of distributed acoustic sensing (DAS) performance for geotechnical 

applications’, Engineering Geology, vol. 306, p. 106729, https://doi.org/10.1016/j.enggeo.2022.106729 

Sambridge, M & Kennett, BLN 1986, ‘A novel method of hypocentre location’, Geophysical Journal of the Royal Astronomical Society, 

vol. 87, pp. 679–697. 

Shatalin, S, Parker, T & Farhadiroushan, M 2021, ‘High definition seismic and microseismic data acquisition using distributed and 

engineered fiber optic acoustic sensors’, in Y Li, M Karrenbach & JB Ajo-Franklin (eds), Distributed Acoustic Sensing in 

Geophysics: Methods and Applications, Wiley, Hoboken. 

Verdon, JP, Horne, SA, Clarke, A, Stork, AL, Baird, AF & Kendall, JM 2020, ‘Microseismic monitoring using a fiber-optic distributed 

acoustic sensor array’, Geophysics, vol. 85, pp. KS89–KS99. 

Rockfall

SSIM 2023, Perth, Australia 645



Vilajosana, I, Suriñach, E, Abellán, A, Khazaradze, G, Garcia  D & Llosa, J 2008, ‘Rockfall induced seismic signals: case study in 

Montserrat, Catalonia’, Natural Hazards and Earth System Science, vol. 8, pp. 805–812. 

Zeng, X, Wang, HF, Lord, N, Fratta, D & Coleman, T 2021, ‘Field trial of distributed acoustic sensing in an active room-and-pillar mine’, 

Distributed Acoustic Sensing in Geophysics: Methods and Applications, pp. 65–79. 

Numerical investigation of seismic source location using
distributed acoustic sensing for rockfall monitoring

Y Duan et al.

646 SSIM 2023, Perth, Australia


